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GPTHAP' =+ # 0.
e Tokens to Train to Sf:é?ob?ss_;n (;)a(:/etlo Cerebras Model
Chinchilla Point (B) Train Studio Price to Train
GPT3-XL 1.3 26 0.4 $2,500
GPT-J 6 120 8 $45,000
GPT-3 6.7B 6.7 134 11 $40,000
T-5118 11 34* 9 $60,000
GPT-3 13B 13 260 39 $150,000
GPT NeoX 20 400 47 $525,000
GPT 70B 70 1,400 85 $2,500,000
GPT 175B 175 3,500 Contact For Quote Contact For Quote

* - TS tokens to train from the original TS paper. Chinchilla scaling laws not applicable.
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